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Abstract

Using data collected among exchange institutions in Colombia in 2004, we evidence large
differences in the amounts of remittances received from migrants living in the US and from
migrants living in Spain. Drawing on quantile decomposition, we show that the gap between
the two destination countries is mainly due to differences in the returns to the individual
characteristics.
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1/ Introduction

Remittances are a very important source of foregohange revenue for many
countries. Several papers have focused on thendiei@nts of migrants’ remittances to their
countries of origin from a macroeconomic perspec(il-Sakka and McNabb, 1999). From a
microeconomic perspective, economists have focardtie motives behind these transfers.

A first explanation deals with altruism, meanirmatt migrants care about the other
family members still living in the country of origi A second explanation involves reciprocity
between migrants and non-migrants. Another po#silsl to invest transfers for the future so
as to maintain one’s status or to return home wiattial capital. Several difficulties emerge
when evaluating the relevance of these differentives. Remittances are likely to combine
different components and different types of mignampulation may rely on specific motives.
It is also very difficult to find discriminating $¢s. Hence, empirical evidence is not really
conclusive (see Rapoport and Docquier, 2006).

In many empirical studies, the pattern of remit&mis investigated through the use of
household surveys with, unfortunately, some shamtngs. First, the sample is usually made
of both remitters and non-remitters. The difficulyith censoring is to know whether
transferring resources is a two-stage sequentiagss, i.e. the decision to remit and then the
amount to remit (Brown, 1997). Second, samplesrasst often limited to few observations.
In Agarwal and Horowitz (2002), the sample com®igd®2 migrants, while there are 379
observations in de la Brieet al. (2002). Third, empirical studies generally do actount for
the characteristics of both senders and recipightsmatched sample of 61 migrants and
origin-family pairs used in Osili (2007) being axception.

In this paper, we draw on a large data set colieateColombia in 2004 to provide
new insights on the determinants of remittancedss Burvey collected among exchange
institutions provides data on around 20,000 reaigieAs the transfer amounts received from
migrants living in the US and from migrants livimg Spain are very different, we study
whether the gap is due to differences in individtharacteristics between the two groups or to
differences in the return to these characteristés.rely on OLS and quantile regressions and
perform quantile decomposition following Machada &ata (2005).

The remainder of this paper is organized as folldwsSection 2, we present the data
and describe the pattern of remittances in Colomhi&ection 3, we study the differences in
transfers between migrants in Spain and migrantisarJS. Section 4 concludes.

2/ Data and descriptive statistics

To study migration remittances in Colombia, we d@wan individual-based data set
performed in exchange institutions, entitled Suruey Beneficiaries of Remittances in
Exchange Institutions in Colombia (SBREIC hereaftiérwas carried out in September 2004
by the Country Alliance, which is a group of sevgrablic and private organizations whose
aim was to share financial, human, and logistioredf. This survey is of utmost importance
since it was the first one to attempt to simplygtrate the link between people and remittance
patterns in Colombia.

The SBREIC survey has a national (urban) coveriggas made by 483 exchange
institutions all over the country, concentratinguard 80 percent of the remittance inflow, and
its sample includes around 25,000 respondents.slihgeey comprises 22 questions, divided
into two main topics. Firstly, it identifies basgocial and demographic features of the

! The main objective of this project was to identifie donors and receivers of migratory remittaraes to
understand the role of their individual charactarison the patterns of transfers.



benefactor and beneficiary (sex, age, educationymation during the month before the
survey) and each recipient gives answer to questiegarding the kinship with the donor and
the number of people forming the household. Theodsrorigin, country of residence, and
last emigration date form part of the other sequestions. Secondly, the survey characterizes
the remittance inflow: amount, frequency, delaycsithe first transfer, main use, reception
channel, beneficiary knowledge about transfer costs

With respect to previous studies on remittancesers¢ features of the SBREIC
survey have to be noticed. First, the size of Hmape is very large. Also, as we only focus on
individuals receiving remittances, we do not haweatcount for selection in the transfer
equation& A last advantage of these data is that we haweescharacteristics of both the
donor and the recipient. The main shortcoming @ there is no information on the levels of
income, which are expected to strongly influeneeghttern of remittances. Another problem
is that the situation of the donor is describedtly recipient, meaning that there may be
problems of missing or bad information. Ideallynatched data with a questionnaire for the
donor and one for the recipient would be needed.

After deleting missing observations, we get a sanghl19,575 respondents living in
Colombia. Out of the several possibilities for ttwuntry of residence, the SBREIC survey
exhibits two main destinations for Colombian dondre United States and Spain. Since
these two countries account for about 80 percethefanswers, we account for differences
by country of residence in what follows. Descriptistatistics for the sample are shown in
Table 1.

Insert Table 1 here

Let us first focus on the pattern of remittances.shown in Table 2, migrants send on
average US$ 285.1 to beneficiaries in Colombia.r@hie a general trend for the amount
remitted to increase when the transfer is infregyegiven. Colombian migrants send on
average US$174.2 per week (i.e. on the basis o&ressfer made weekly), US$273.9 per
month, US$442.5 per semester, and US$487.3 per Jeamost striking feature is that there
are large differences in the amount of remittarimetsveen countries. On average, a migrant
living in the US sends 217.5 US$, while the mearwam of transfer is equal to 379.2 US$
when the migrant lives in Spain. In the sequel fuvéher investigate these differences in the
behavior of the Colombian migrant population livinghese two countries.

Very briefly, we note that 76% of the beneficiaraasl around 50% of the benefactors
are women. Remittances are mainly received byngibli(23.6%) and by parents (21.2%),
with differences between countries. While there ragge recipient siblings getting transfers
from the US (24.4%) and other countries (23.4%gre¢lare more parents receiving from their
children in Spain (25.4%). Recipients of US remities have more often a high level of
education. Only 7.4% of recipients are without edion or with incomplete primary one,
whereas there are 30.7% and 31.9% of recipients edmplete high school education and
superior on& When considering transfers coming from Spainfits¢ ones to receive them
are those who have finished high school educat8ihlfo), followed by incomplete high
school education (22.1%) and by superior educdi®rf%). Finally, remittances are mostly
received by those who stay home to do chores,ligeghose who work.

2 |f we assume that the determinants of the prolalaif transfers and those of the amount transteee not
the same, finding appropriate exclusion restrictimnclearly not an easy task.

% Recall that we have a sample of individuals rdogiall remittances. We thus work on a selectedpsain
that it comprises more educated individuals thathénColombian population, but there is by defmitno way
to control for the selection bias with the dathand.



Concerning the donor’'s occupation, almost all mggawork in the country of
residence, respectively 92.4% and 94.3% of US apaniSh migrants. While the mean
duration of the last migration is of five years fat the countries, the US has the highest
length with almost seven years and Spain the least(around three years). Colombians
emigrate for the most part (say between 40 and 5@%6¢ they have achieved their high
school education, followed by those who have sopesiudies. A difference concerns the
weight of superior studies in the Spanish casgcdounts for only 17.3% of the donors, while
in the US and other countries it is of 32.4% an8@6%.

3/ Econometric analysis of US and Spanish inflows of remittances

As around 80% of the transfers recorded in thgesucome from the US and Spain,
we restrict our attention to the inflows of renmmitas from migrants living in these two
countries. We begin by estimating both OLS and tjiearegressions (at the 8@ercentile of
the distribution) for remittances on the pooled §&nish sample, observations related to
other destination countries being delétaVe introduce characteristics of the donor and the
recipient into the regressions along with a dumraygiable which is equal to one when the
donor currently lives in the United States. Resaittsreported in Table 2.

Insert Table 2 here

Our main finding is that the amount of remittanéesignificantly lower when the
migrant lives in the United States. The margin&efassociated to the US location is large.
At the mean of the whole sample, the estimated atofiremittances is equal to US$275
and it is reduced by around US$140 for a transfanfthe United States. When estimating
the quantile regression at the median value oftiaesfer, the remittance is decreased by
around US$68 (for a mean value equal to US$148).

When estimating the pooled regression, the unigrlgssumption is that the returns
to individual characteristics of both recipientslatonors are the same when the remittances
come from the US or from Spain. This hypothesigndoubtedly questionable. For instance,
the returns to education for a paid job may beed#nt for a migrant in both countries. We
choose to test the equality of rewards to individoharacteristics for both types of
remittances (i.e. from the US or from Spain) byiagdn the regression a set of crossed
variables, resulting from multiplying the US lo@atidummy by the different covariates. If
the different crossed terms are jointly significatitis means that we cannot accept the
hypothesis of equal coefficients to individuals refeéeristics.

A F-test indicates that the assumption of egetirns is rejected. We obtain a statistic
of 5.81, with 30 degrees of freedom, which is digant at the one percent level. So, to
properly evaluate the gap between transfers frami and from Spain, we have to estimate
separate regressions for both origin countries.oAding to the augmented regression, the
crossed terms related to gender, age, occupatidnliak with the donor are significant,
meaning that the impact of these explanatory veasahre different when the transfers is
received from a migrant living either in Spain aor the US. Concerning the migrant,
differences in returns to observable charactesstiainly stem from age and to a lesser extent
education, while there is no significant differericethe duration of migration.

* The quantile regressions give the marginal eféécany covariate on the log amount of transfer aious
points of the distribution (Koenker and Bassett7&)9 Let us briefly describe the econometric modéiey
provide robust estimates, particularly for missfieation errors related to non-normality and hes&emasticity.
We have also estimated quantile regressions atvéineus percentiles of the transfer distributiorhe3e
additional results are available upon request.



We then reestimate the OLS and the quantile @trtedian value) regressions on the
separate samples of remittances by location. Waenttances come from the US, the mean
amount is lower when the recipient is a woman, ysleyed or student, and higher when the
donor is the spouse of the respondent. Concerhmgdnor’s covariates, being a woman, age
and higher levels of education are negatively eeldb the mean amount of remittances.
When taking into account Spanish transfers, we rgbsiat their amount is lower when the
donor is the spouse, a sibling or a child of trepoadent. Finally, the characteristics of the
donor do not really matter when explaining the $fan having a paid job being an exception.

Differences in the transfer decisions from thea#l from Spain may be explained by
the following decomposition. On the one hand, thp op the amount of remittances may be
due to differences in the individual characterstietween recipients and donors concerned
by each type of inflows. For instance, remittanicesn Spain would be higher if Colombian
migrants living in that country are more educateahtthose living in the US, assuming that
the transfer function increases with donor's edoocatOn the other hand, the transfer
disparity may be due to differences in the retumshese characteristics, i.e. differences in
coefficients for each subpopulation. At the mearthaf sample, this is the Oaxaca-Blinder
type of decomposition (Oaxaca and Ransom, 1994).

Let £Y° and 8°F denote respectively the coefficients of both doand recipient’s
characteristics from the United States and Spaid,Xa”° and X °F stand for inflows from
these two countries. The difference in the meanuamis 8“X “S - 857X P which can be
decomposed as:

ﬂUSXUS _ﬂSPXSP=XUS (ﬂUS _ﬂSF) +ﬂSP(X us _ XSF) (1)

The first term on the right-hand-side of (1) piaks the effect of differences in coefficients
between the migrants living in the US and in Spaihile the second term measures the role
of differences in individual characteristics betwelee two populations.

Note that in (1), we define as the counterfactdatribution the situation of
individuals having the characteristics of thosecawned by inflows from the US, but with the
behavior of those concerned with Spanish inflows. discussed in Oaxaca and Ransom
(1994), one can rely on other non-discriminatoryctres to perform the decomposition. A
first possibility is to account for the current & structure. A second possibility is to
choose a weighting matrix with a weight given bg fraction of the sample made up by the
US group (Cotton, 1988). When turning to the date, perform the decomposition with
various non-discriminatory structures.

We also implement a quantile decomposition follogvithe method described in
Machado and Mata (2005). Létbe a specific quantile of the log transfer disttibn. We
now estimate:

B X5 =BG X=X (B -B9) + B%(H (X - X (2)
where 8578 (X" - X3 stands for the part of the remittances gap dudifferences in
individual characteristics between the two grouptha & -quantile of the distribution, while

the termX S (8Y3(89) - £°>7(9) is the fraction of the gap attributable to diéfieces in the
coefficients associated to these characteristics.

To generate the counterfactual density, we proaedtie following way (Machado
and Mata, 2005). We begin by drawing 200 numberaralom over the closed interval [0;1],
denoted byg,, G, ..., @200 Then, using the group of transfers from Spainestmate the
quantile regression vectors of coefficief#S7(8;), with i=1,...,200. Finally, we make 200
draws at random with replacement from the US gmfupansfers. The counterfactual density



is generated a8°7(8;) X", for i=1,...,200. In so doing, we get the log amount of
remittances sent by migrants living in Spain, whaulel behave as US migrants

Results from the different decompositions are diesd in Table 3. Let us first focus
on the results obtained at the mean transfer vallign the characteristics of the US group as
the non-discriminatory structure, the gap in logniteances amount is highly significant and is
equal to 47.4%. As shown by the data, the gap lestlee two groups of transfers is mainly
due to differences in coefficients, as the corredpmy weight is equal to 43.6 points of
percentage. Conversely, the impact of differencemdividual characteristics is very low,
around 3.8 points of percentage. Changing the mgerichinatory structure does not affect the
conclusion that the divergence between remittafiees the US and from Spain is due to
differences in the returns of individual characics between the two subpopulations.

Insert Table 3 here

We have also performed a detailed analysis (nported) to estimate the weights
given to the various explanatory variables for deeomposition. Concerning the part of the
gap explained by differences in characteristics,fwe that respondent’'s gender, age, link
with the donor, and number of family members in tioeisehold have the highest weights.
When turning to differences in coefficients, theadshows again that variables dealing with
donor’s age and link with the respondent are thetnmdluential ones. The donor’s education
also plays a significant role, while the weightsasated to the frequency of receipt remain
very low and not really significant.

Finally, we assess the robustness of our findimgdooking at the impact of both
differences in characteristics and differencesoefiicients along the log transfer distribution.
The main results from the quantile decompositian tarofold. First, we evidence a growing
gap as one moves up along the distribution of tamies. For instance, transfers from Spain
are about 25.9% higher than transfers from the U$hae first decile, 38.2% at the first
quartile, and nearly 60% at the median. Nevertselabove the 50 percentile, the gap
between US and Spain remains nearly constant dod laedifference of 60%. Second, along
the whole distribution, the gap is essentially akpdd by differences in the returns to
covariates. In the upper part of the distributimhere the gap is above 50%, the contribution
to the gap due to differences in characteristied rmost around 6%.

5/ Conclusion

Drawing on a large data set on remittances regcesetit to Colombian households, we
have attempted to bring insights on the remittaridesature by studying differences in
transfer amounts received by Colombian househatite fmigrants living in the US and in
Spain. Our main result is that differences amongroanity groups are not really related to
differences in observable characteristics of batbugs, but instead to differences in the
returns to these characteristics. With similantimis endowments, migrants from Spain and
migrants from the U.S. behave in a fundamentalifedint way when sending back money to
their family members still living in Colombia.

A shortcoming of our analysis is the lack of imf@tion on economic resources of
both the donor and the recipient, which preventsrar® implementing tests on the transfer

® For the various elements of the decomposition, ge¢ standard errors by replicating 30 times the
decomposition. In a similar way, we can easily tet second counterfactual density which involves th
characteristics of individuals concerned by trarssfeom Spain, but behaving as if these transfensevirom the
United States. We do not report here these reasiitse two decompositions lead to very similarifigd.



motives. Since these data have been collected armagcigange institutions, it would be

worthwhile to further investigate the pattern ahitances in Colombia using household data.
Our data evidence substantial amounts of remitsaaoe it is thus likely that these transfers
will play a very important role in the pattern ofirent expenditures of Colombian

households. Remittances may also have long-terrefiseal consequences with respect to
children’s education or health for instance, whishexpected to impact growth at a

macroeconomic level. We leave this measuremenhefeixpected positive consequences
involved by the receipt of remittances for futuesearch.
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Table 1. Descriptive statistics of the sample

Variables Us Spain Other countrig All
Dependent variable
Transfer amount (in US dollars) 217.5 379.2 326.0 85.2
Standard deviation (in US dollars) 393.9 601.3 @41. 546.0
Recipient’s characteristics
Female 0.759 0.773 0.753 0.762
Age 41.938 40.297 39.619 41.007
Link with donor ~ Spouse 0.158 0.149 0.170 0.158
Parent 0.191 0.254 0.206 0.212
Child 0.092 0.058 0.086 0.081
Siblings 0.244 0.225 0.234 0.236
Other family 0.194 0.172 0.154 0.180
Other 0.120 0.141 0.150 0.132
Education Incomplete primary or less 0.074 0.124 080D. 0.091
Complete primary 0.108 0.155 0.122 0.124
Incomplete high school 0.192 0.221 0.194 0.201
Complete high school 0.307 0.301 0.304 0.305
Occupation Superior 0.319 0.199 0.293 0.280
Working 0.408 0.384 0.402 0.400
Job searching 0.050 0.038 0.048 0.046
Studying 0.120 0.103 0.135 0.118
Inactive 0.423 0.475 0.414 0.436
Number of persons in the household 3.952 4.210 74.22 4.081
Donor’s characteristics
Female 0.476 0.571 0.553 0.518
Age 41.652 35.350 37.325 38.995
Duration of migration 6.818 3.275 4.448 5.337
Education Incomplete primary or less 0.032 0.037 038. 0.034
Complete primary 0.072 0.089 0.065 0.075
Incomplete high school 0.148 0.228 0.180 0.177
Complete high school 0.425 0.473 0.414 0.436
Superior 0.324 0.173 0.306 0.277
Working 0.924 0.943 0.914 0.927
Number of observations 10091 5554 3930 19575

Source: SBREIC, Colombia 2004.




Table 2. Estimates of the log amount of remittances from US and Spain

Variables OoLS Quantile (56 percentile)
All us Spain All us Spain
Constant 5.271%** 4.844%** 5.254*** 5.060*** 4.482%** 5.464***
(48.02) (36.97) (26.11) (37.94) (27.56) (22.52
Recipient’s characteristics
Female -0.121** | -0.088*** | -0.162*** | -0.126*** | -0.096*** | - 0.183***
(6.21) (3.83) (4.54) (5.31) (3.34) (4.21)
Age -0.001 0.001 -0.005*** -0.001 0.002 -0.009**1
(0.91) (0.90) (3.30) (0.83) (1.32) (4.95)
Link with donor ~ Spouse 0.056* 0.175%** -0.133** (020 Al 0.259*** -0.138**
(1.80) (4.65) (2.39) (3.22) (5.53) (2.06)
Parents -0.063** 0.017 -0.144** -0.021 0.076 191 ***
(1.96) (0.43) (2.65) (0.53) (1.54) (2.91)
Children -0.123*** 0.007 -0.350%** -0.032 0.097* | 0:350***
(3.15) (0.15) (4.54) (0.68) (1.72) (3.76)
Siblings -0.061** 0.043 -0.225%** -0.012 0.087**| -0.284***
(2.22) (2.30) (4.67) (0.36) (2.12) (4.86)
Other family 0.088*** 0.125%*=* 0.074 0.116%** 0.86%** 0.044
(3.12) (3.64) (1.50) (3.37) (3.67) (0.74)
Education Complete primary -0.034 -0.067| -0.012 46.0 -0.035 -0.048
(0.99) (1.50) (0.24) (1.12) (0.64) (0.76)
Incomplete high school -0.010 -0.023 -0.026 -0.04| -0.012 -0.122*
(0.30) (0.55) (0.49) (1.01) (0.23) (1.94)
Complete high school 0.006 -0.004 -0.023 0.00% 23.0 -0.115*
(0.18) (0.08) (0.42) (0.12) (0.44) (2.75)
Superior 0.061* 0.070 0.007 0.074* 0.112* -0.099
(1.70) (1.59) (0.12) (1.69) (2.03) (1.32)
Occupation Working 0.009 -0.021 0.063* 0.001 -0.021 0.023
(0.44) (0.89) (1.78) (0.06) (0.73) (0.54)
Job searching -0.144*¥  -0.173*** -0.102 -0.14%**| -0.136** -0.136
(3.63) (3.77) (1.35) (2.92) (2.38) (1.48)
Studying -0.038 -0.098*** 0.053 -0.058 -0.082% .602
(1.19) (2.61) (0.92) (1.49) (1.76) (0.03)
Number of persons in the household 0.024*t* 0.026*f 0.021*** 0.022*** 0.026*** 0.019*
(5.15) (4.64) (2.58) (3.92) (3.70) (2.97)
Donor’s characteristics
Female -0.104*** | -0.119*** -0.064** | -0.086*** | -0.082*** -0.056
(6.24) (5.99) (2.15) (4.24) (3.34) (1.55)
Age -0.003*** | -0.004*** 0.001 -0.002* -0.003*** 0.003
(3.14) (4.13) (0.63) (2.93) (2.75) (1.40)
Duration of migration -0.002 -0.002 0.001 -0.001 .0a -0.004
(1.64) (1.59) (0.15) (0.89) (0.75) (0.69)
Education Complete primary -0.016 -0.071 0.059 -0.00 -0.036 0.005
(0.31) (1.13) (0.70) (0.02) (0.46) (0.05)
Incomplete high school -0.061 -0.1114 0.024 0.026 -0.034 0.094
(1.31) (1.92) (0.32) (0.46) (0.47) (1.00)
Complete high school -0.074 -0.154** 0.053 -0.012 -0.090 0.129
(1.64) (2.78) (0.69) (0.22) (1.31) (1.39)
Superior -0.058 -0.124** 0.040 0.009 -0.041 0.125
(1.23) (2.17) (0.49) (0.16) (0.58) (1.24)
Working 0.185*** 0.168*** 0.196*** 0.158*** 0.127** 0.186***
(6.00) (4.69) (3.29) (4.22) (2.73) (2.60)
Location: United States -0.428**4 -0.466**4
(24.14) (21.58)
Number of observations 15645 10091 5554 15645 10091 5554

Source: SBREIC, Colombia 2004.

Note: OLS and quantile ($percentile) regressions, with absolute valuestétistics in parentheses. Significances levels are
respectively 1% (***), 5% (**) and 10% (*). The dérent regressions also include a set of dummiageceto the frequency of receipt.



Table 3. Decomposition of the US-Spain log remittances gap

Decomposition Difference in Difference in Total difference
characteristics coefficients US — Spain
Blinder-Oaxaca decomposition
Non-discriminatory structure: US -0.0381 -0.4362 474
(0.0214) (0.0266) (0.0171)
Non-discriminatory structure: Spain -0.0471 -0.4272 -0.4744
(0.0088) (0.0187) (0.0171)
Non-discriminatory structure: pooled -0.0426 -0.431 -0.4744
(0.0118) (0.0200) (0.0171)
Machado-Mata quantile decomposition
Percentile 10 0.0245 -0.2835 -0.2589
(0.0064) (0.0124) (0.0167)
Percentile 25 -0.0284 -0.3531 -0.3816
(0.0064) (0.0152) (0.0102)
Percentile 50 -0.0649 -0.5289 -0.5939
(0.0127) (0.0120) (0.0135)
Percentile 75 -0.0612 -0.5086 -0.5217
(0.0087) (0.0209) (0.0186)
Percentile 90 -0.0221 -0.4995 -0.5699
(0.0244) (0.0258) (0.0090)

Source: SBREIC, Colombia 2004.

Note: Bootstrapped standard errors are in parerghedth 30 replications.




